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a  b  s  t  r  a  c  t

Background:  Increasing  cost  pressure  and  changing  patients’  needs  in  the  healthcare  sector
have led  to  new  delivery  models  for  primary  care.  Researchers  and  practitioners  need  to
establish  innovative  methods  to obtain  insights  into  patients’  preferences  and  effectiveness
of healthcare  services.
Aim: This  study  reveals  the  crucial  decision  criteria  of  patients  in choosing  out-of-hours
services  and  provides  a projection  of  a  future  market  share  of the  newly  established  central
out-of-hours  service,  called  General  Practitioner  Cooperative.
Design:  A  computer-aided  discrete  choice  experiment.
Method: Respondents  were  350  patients  in a European  city  who  decided  for  a  service  when
confronted  with  a medical  emergency  in  an  out-of-hours  case;  two  scenarios  called  ‘adult’
and  ‘child’,  describing  the  persons  requiring  medical  assistance,  were  used  to increase
generalizability.
Results:  The  two  most  important  attributes  were  ‘explanation  by  the  doctor’  and  ‘waiting
time’  while  the  others  – ‘availability of  technical  equipment’,  ‘ease  of access’,  ‘type  of  con-
sultation’  and  ‘payment  method’  – were  of  less  importance.  The  market  share  projections
predict that  the  new  General  Practitioner  Cooperative  will  capture  about  one  third  of  the

market  (‘adult’:  39.1%,  ‘child’:  31.3%),  ahead  of the emergency  department,  the  second  most
preferred  service  (‘adult’:  32.7%,  ‘child’:  30.7%).
Conclusions: This  study  quantifies  the  adoption  of  a  new  medical  service.  As  a  result,  it
extends  current  research  approaches  on  eliciting  and  matching  patient’s  needs  and  assists

tablish
policy  makers  in  es

. Introduction

The aging society, increasingly demanding patients
nd cost pressures have steered most recent health care

eforms in developed countries [1].  The objective of
mproving health system efficiency through cost reduction

hile at the same time increasing patient satisfaction is
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ing  adequate  service  capacities.
© 2012 Elsevier Ireland Ltd. All rights reserved.

the focus of the transformations. To ensure better decision
making during these reforms, policy makers need to obtain
a better understanding of patients’ preferences and the
effectiveness of existing and new healthcare services [2,3].

With regard to primary care in out-of-hours situations,
there is a trend to use hospital emergency rooms (ER) for
standard and less urgent problems [4] resulting in poorer

service for actual emergency cases. At the same time, the
decreasing number of general practitioners and their con-
cerns about out-of-hours workload and 24 h availability
have led to an increasing workload and dissatisfaction

dx.doi.org/10.1016/j.healthpol.2012.04.010
http://www.sciencedirect.com/science/journal/01688510
http://www.elsevier.com/locate/healthpol
mailto:Hilde.philips@ua.ac.be
dx.doi.org/10.1016/j.healthpol.2012.04.010
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Table 1
Service attributes and levels.

Attributes Levels

Type of consultation Hospital emergency department – ER
General practitioner Cooperative – GPC
Home visit by the general practitioner on
duty – HV
Pediatrician – PD (in ‘child’ scenario)

Waiting time between
first contact or call
and consultation

Less than 30 min
Between 30 and 90 min
More than 90 min

Information about
health problem and
therapy

Doctor does not give enough information
Doctor gives enough information

Accessibility of the
service

Location and phone number are not
known
Location and phone number are known

Availability of technical Available
Philips H. et al. / Healt

among the remaining general practitioners. Policy makers
have attempted to address these trends by organizing out-
of-hours care in a more structured and feasible way  [5,6].
Ultimately, this led to a stronger centralization of primary
care centers in various European countries. As the develop-
ment of the centralized general practitioner (GP) services
has been induced by supply rather than demand conditions,
little is known on how well new healthcare services meet
existing health care needs [7].  Yet, particularly in countries
with a free choice option on various medical healthcare
services such as England, Sweden, Belgium, Germany and
France, it is important to assess the alternatives’ relative
effectiveness as it determines their adoption. An alterna-
tive way to ensure adoption, i.e., through restricting access
to some services has been unpopular with patients, profes-
sionals and policy makers as this reduced accessibility and
quality of primary care in many European countries [8].

Several studies on the use of and satisfaction with GP
centers have been conducted [6,7,9,10].  The majority of
these studies are based on the assumption that greater
satisfaction and loyalty will be reached if patients give
high assessments of all individual service elements such as
treatment quality, waiting time and accessibility. However,
this approach is lacking in estimation of trade-offs between
the service elements which would describe patients’
behavior in a more realistic way [4,11].  Furthermore, con-
text dependent questions, such as ‘why do people prefer
one service over another’ or ‘what is the impact of the new
service on the competition’ are not answered. Nevertheless,
they are important from a scientific as well a practitioners’
point of view and warrant further research [3,12].

General research on new services reports a 40% fail-
ure rate indicating the intricacy in their development and
launch [13]. Crucial factors hereby are a lack of unique
customer benefit compared with existing services and
the setting of unrealistic market potential and adoption
goals [14]. An accurate market assessment is suggested
to support better predictions of the demand and service-
customer fit [15].

Therefore, this study investigates critical decision crite-
ria in choosing out of hours care and the effectiveness of a
new out-of-hours service through a market share predic-
tion. Firstly, the critical characteristics of an out-of-hours
healthcare service are identified and the relative impor-
tance of the attributes in the decision process estimated.
Secondly, a market simulation predicts how well the newly
established GP center (General Practitioner Cooperative:
GPC) matches these needs and hence, how it will be
adopted in comparison to the alternatives of the emergency
department (ER), a house visit by a general practitioner
(HV) or a pediatric consultation (PD). The findings give pol-
icy makers valuable information on the effectiveness of a
new medical service to adjust its design and capacity before
the final roll-out when changes are more costly [16,17].

2. Methodology
Discrete choice experiments (DCEs) are a popular
instrument in healthcare economics [e.g., 2,3,18] to
determine how individuals make trade-offs in choosing
competing services. It is based on the premise that patients
equipment Not available
Method of payment Immediate payment

Deferred payment (sent by invoice)

assess the value of a service by combining the separate
amounts of values assigned to each service attribute. More-
over, it assumes that the value is not directly observable but
only the overall choice. Patients can best provide judgment
on objects formed by a combination of attributes rather
than on each separate attribute [11]. It is more realistic
because respondents are confronted with decisions simi-
lar to the ones they face in their daily lives [12]. Evaluating
bundles of attributes increases not only the realism but
also the complexity for respondents. Earlier studies empha-
sized restricting the number of attributes and choice tasks
depending on the applied method [18].

DCEs allow understanding of the relative importance of
one attribute with respect to the overall utility and to what
extent a desirable attribute level can compensate for a less
acceptable level of another attribute [11]. The availability
of tools such as market simulators to measure economic
outcomes is another reason for the popularity of DCE [19].
A market simulator allows forecasts of how patients might
react when a new service is introduced into an existing
market. The market simulation based on DCEs comprises
four steps: establishing the attributes and levels; choosing
alternative scenarios to present; establishing and estimat-
ing preferences; and simulating market behavior [16].

2.1. Attributes and levels

We  identified a pool of different attributes and their lev-
els based on a review of medical and services literature
[3–5,7,19–21]. Afterwards, we  conducted semi-structured
interviews with key informants, i.e., GPs, academic
researchers and patients to verify, prioritize and refine the
service characteristics as well as to assure the relevance for
the health care systems’ context. Several iteration rounds
led to our final, limited set of attributes and levels that were
realistic, tradable and comprehensible (Table 1 [18]).
2.2. Scenarios

The next step concerns the context for the patients. To
increase the generalizability and robustness of our findings,
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e used two scenarios called ‘adult’ and ‘child’ to describe
he situations and persons requiring medical assistance
uring the weekend (see Appendix A for the complete
cenario descriptions). Data was collected by means of full-
rofile choice questions. Hereby, every respondent was
onfronted with two randomly created profiles – com-
osed of combinations of all 6 attributes – for one scenario
nd had to choose one of the two profiles. All attributes
ere clearly worded and explained to the respondents

efore participation, avoiding misunderstandings about
nd between the different levels of the attributes.

.3. Preferences

DCE assumes that individuals strive for utility max-
mization: when confronted with a set of choices, each
eing a combination of several alternatives, consumers
ill choose the alternative giving the maximum value.

 homogenous preference structure over the entire pop-
lation is assumed, which allows aggregating the data
btained. A multinomial logit model using maximum like-
ihood estimation is applied for the estimation of the
art-worths [22]. The estimated part-worths represent the
ractional utilities of the different attributes and levels [18].

The multinomial logit model assumes that the proba-
ility of choosing an option is proportional to the relative
tilities of the options:

k,c = eVk,c

∑
keVk,c

The utility V can be expressed as:

Vk,c

=
6∑

i=1

ˇiDi
k,c

= ˇConsDCons
k,c

+ ˇWaitDWait
k,c

+ ˇTequDTequ
k,c

+ ˇExplDExpl
k,c

+ˇAcceDAcce
k,c

+ ˇPaymDPaym
k,c

ollowing symbols are used: k, specific profile of a medi-
al service; c, choice set consisting of several alternatives
=profiles); Pk,c, choice probability of profile k in choice set
; Vk,c, systematic component of utility of profile k in choice
et c; i, attributes (‘type of consultation’, ‘waiting time’,
technical equipment’,  ‘explanation’, ‘access’,  ‘payment’); ˇi,
art-worth of attribute i; Di

k,c
, Dummy  for attribute level

f the profile k.
The computer-based questionnaire was set up with

awtooth Software SSI WEB  Internet System 3.0.1. It con-
ained sections about respondents’ familiarity with the
ervices and the socio-demographics. Afterwards, every
espondent answered on 10 DCE questions which is below
he threshold causing difficulties in completing DCE sur-
eys [12]. A pilot study tested the questionnaire and led to

 minor revision of the attribute and level formulations.

.4. Market simulation
In DCE, as applied here, part-worths are estimated by
eans of multinomial logit model, of which the Inde-

endence of Irrelevant Alternatives (IIA) is assumed. This
 106 (2012) 284– 290

assumption is often criticized as being unrealistic. The Saw-
tooth SMRT 4.20 Market simulator estimates choice shares
by means of the Randomized First Choice method. This
method is reported to be robust for IIA problems [19].
The parsimony and predictive validity, illustrated in ear-
lier medical studies makes the Randomized First Choice
especially suited for research with policy implications [23].
Additionally, we  checked for IIA by comparing our results
with market shares obtained with the results of two meth-
ods (pairwise comparison; share of preference [19]) that
are both subject to IIA. The two last methods give highly
similar results, while Randomized First Choice leads to
marked differences, illustrating better resistance to IIA.

The market simulator requires firstly the input of the
estimated part-worths representing the patients’ prefer-
ences. Secondly, we  need to identify the actual market
performance of the services. For the discrete attributes
‘type of consultation’ and ‘payment’ there are objective
level values (i.e., ‘ER’, ‘GPC’, ‘HV’, and ‘PD’; ‘immediate’ and
‘deferred’) available. For the other attributes, the expert
opinion of eight doctors who are familiar with all services
supplied us with the actual service performance. Since such
performance is typically in between the two  extreme lev-
els, we  assume linearity of the part-worths and interpolate
them. In order to increase the validity we choose doctors
with different main occupations (4 doctors from GPC and
ER respectively) and the author team verifies the face valid-
ity of the results. Finally, we  predict the market shares
under the assumption of full market information and equal
awareness for all services. A subsequent sensitivity analysis
estimates market share changes resulting from a change of
one attribute for one service at a time. This analysis is use-
ful for decision makers in health policy because the results
demonstrate the impact of adjustments in service designs
[24].

3. Results

3.1. General statistics

Data was collected from people waiting at three free
health care centers for new born and children in a Western
European city. The wide coverage of this service, namely
97% of all new born in the region, minimizes a potential
selection bias of the respondents [25]. We  used computer-
assisted surveys with support permanently available
which resulted in 350 fill-out questionnaires. Such sample
– especially in combination with on-site assistance – is
viewed as sufficiently large to provide reliable DCE results
[18] and matches sizes used in earlier DCE studies [e.g.,
3]. Non-participation of all approached people (482) was
mainly due to language problems (18.8%), lack of interest
to participate (13.8%) or no time (5.0%). 4 out of 5 respon-
dents filled out the questionnaire without assistance. In
both scenarios, almost all respondents have heard of the
out-of-hours services (‘adult’: ER: 98.9%; HV: 95.7%; GPC:

80.4%; ‘child’: ER: 98.2%; HV: 94.0%; GPC: 83.1%; PD: 98.2%)
indicating a high degree of familiarity. While the number
of respondents of foreign origin (44.3%) does not fully
match the share in the entire city (26.8%), it corresponds
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Table 2
Socio-demographic statistics.

Adult
scenario

Child
scenario

Questionnaire language
Dutch 165 159
English 16 6
Arab 3 1
Sum 184 166
Mean age (years) 31 31
Gender
Male 19.6% 23.5%
Female 80.4% 76.5%
Marital status
Married or living together with one

child
42.9% 51.8%

Married or living together with two
or more children

45.1% 34.3%

Single with one child 6.5% 5.4%
Single with two or more children 2.2% 2.4%
Other 3.3% 6.0%

Mean number of family members 3.60 3.52

Mean number of kids 1.67 1.65
Foreign origin 44.0% 44.6%
Total sample 350

with the neighborhood of the new GPCs. Table 2 contains
more details on the socio-demographics.

3.2. Part-worths

Tables 3 and 4 present the estimation of the part-worths
of the levels and their statistical significances. The Chi-
Squares of both models are well above the critical value
for a 0.01 significance level. It indicates that respondents’

choices are significantly affected by the various attributes
and levels. A comparison of the levels of both scenarios
shows similarities in the significances. The levels of the
dimensions ‘technical equipment available’, ‘explanation’,

Table 3
Part-worths ‘adult’ scenario.

Attribute Level Part-wortha

Type of consultation ER −0.007 

GPC −0.113 

HV 0.120 

Technical equipment available Yes 0.263 

No −0.263 

Explanation Enough 0.631 

Not enough −0.631 

Waiting time <30 min  0.447 

30–90 min  0.013 

>90 min  −0.459 

Easy access Yes 0.214 

No −0.214 

Payment Immediately −0.083 

Later 0.083 

Log-likelihood for this model −1050.4
Degrees of freedom 8
Model chi-square 450.0**

a Part-worths are zero centered, as opposed to selecting one arbitrary part-wo
* p < 0.05.

** p < 0.01.
 106 (2012) 284– 290 287

‘waiting time’ and ‘easy access’ are all highly significant
(p < 0.01), except for the waiting time level ‘30–90 min’.
The attribute ‘payment’ is only significant (p < 0.05) in the
‘adult’ scenario. The levels of ‘type of consultation’ show
statistically significant results for GPC (p < 0.05) and for ‘PD’
(p < 0.01). The latter is only available in the ‘child’ scenario.

The fractional utilities of both scenarios show a high
degree of similarity leading to a greater generalizability
and confidence in the robustness of analysis. The size of
the part-worths indicates the intensity and the sign shows
the direction in which a change of the attribute changes the
overall utility. The attributes’ relative importance as indi-
cated in Tables 3 and 4 allows for an easier interpretation
of the results.

Patients considered the ‘explanation’ about the prob-
lem and the treatment as the most important factor in the
choice of service (‘adult’: 35.8%; ‘child’: 38.5%), followed by
the waiting time for consultation (‘waiting time’: ‘adult’:
25.7%; ‘child’: 23.8%). These two  characteristics secured
approximately two  thirds of the variability in utilities
observed. The third important attribute is the availability
of technical equipment (‘adult’: 14.9%; ‘child’: 12.5%). The
accessibility of the services (‘adult’: 12.2%; ‘child’: 11.2%) is
the fourth most important dimension in the adult context
but only ranked fifth if a child was involved. The type of con-
sultation is on the fifth (‘adult’: 6.6%) and fourth position
respectively (‘child’: 11.9%). The least important service
characteristic is the method of payment contributing only
4.7% (‘adult’) and 2.1% (‘child’) to the judgment.

To check the robustness of the results, we also tested for
the impact of socio-demographics and familiarity with the
services. While the study includes a broad range of nation-
alities and cultures representing a valid sample of a large

city population, it appears that such patient characteristics
and service familiarity do not substantially alter the part-
worths, i.e., neither their directions nor their significances.

Standard error Significance Attribute importance

0.078 6.6%
0.053 *

0.079

0.053 ** 14.9%
0.053 **

0.041 ** 35.8%
0.041 **

0.056 ** 25.7%
0.053
0.055 **

0.038 ** 12.2%
0.038 **

0.038 * 4.7%
0.038 *

rth to be zero.
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Table 4
Part-worths ‘child’ scenario.

Attribute Level Part-worth Standard error Significance Attribute importance

Type of consultation ER 0.079 0.095 11.9%
GPC  −0.155 0.064 *

HV −0.187 0.097
PD 0.263 0.067 **

Technical equipment available Yes 0.236 0.048 ** 12.5%
No  −0.236 0.048 **

Explanation Enough 0.728 0.045 ** 38.5%
Not  enough −0.728 0.045 **

Waiting time <30 min  0.443 0.058 ** 23.8%
30–90  min  0.014 0.055
>90 min  −0.457 0.060 **

Easy access Yes 0.212 0.041 ** 11.2%
No −0.212  0.041 **

Payment Immediately −0.039 0.041 2.1%
Later  0.039 0.041

Log-likelihood for this model −908.0
Degrees of freedom 9

**
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In previous research DCE proved to be a reliable and

T
R

Model chi-square 454.3

* p < 0.05.
** p < 0.01.

.3. Market shares

The part-worths provide us with the input for the mar-
et share simulator. As mentioned above, we used experts
o estimate real market performance of the different ser-
ices as the second input for the market simulation. Table 5
resents the experts’ evaluation of all attributes per service
ollected on a 7-item scale. We  use the Randomized First
hoice method to calculate the market shares.

In the simulated service choice GPC (39.1%) is prefer-
ble to ER (32.7%) and HV (28.2%) in the ‘adult’ scenario.
hen the patient was a child, the GPC (31.3%) and ER

30.7%) were the most chosen services, followed by PD
24.6%) and HV (13.5%). Our sensitivity analysis showed
hat a 10% improvement in the performance assessed by
he experts would lead to higher increases in market share
or ‘explanation’ (‘adult’: 4.6%; ‘child’: 4.8%) followed by
waiting time’ (3.4%; 3.8%). The impact of improvement in

ccess (1.4%; 1.5%) and availability of technical equipment
0.6%; 0.5%) are less pronounced. As the attribute ‘payment’
s binary coded, a relative change is not applicable. Instead,

able 5
eal market performance of the services expert opiniona,b.

Type of consultation Waiting time Technical equipme

Adult
ER 3.1 5.8 

GPC  6.1 3.4 

HV  4.0 3.5 

Child
ER  3.3 5.9 

GPC  6.3 3.2 

HV  4.1 3.7 

PD  3.4 4.8 

a Scale with the extremes: 7 (positive) to 1 (negative).
b ME  total: mean of all 8 doctors.
c For the attribute ‘payment’ we choose actual levels as they are available.
we  estimate the impact of switching from an immediate to
a deferred payment model. The market share of a new GPC
service would increase by 4.8% and 2.9% respectively.

4. Discussion

The purpose of this study is to quantify how a new
service, namely the GPC service, matches patient needs
and thus contributes to the literature on configuration
and planning of new medical services. In the follow-
ing paragraphs we discuss various issues regarding (1)
the methodology and study design, (2) the part-worths’
estimation and attribute importance and (3) the market
simulation and identify future research opportunities.

4.1. Methodology and study design
useful tool for eliciting patients’ preferences in healthcare
[4], as it simulates patients’ decisions based on specific
scenarios. In our study, we  split our sample in two  contexts

nt Access Explanation Paymentc

6.6 4.6 7.00
6.4 6.1 1.00
5.9 5.9 1.00

6.8 5.3 7.00
6.4 6.1 1.00
6.0 6.1 1.00
3.0 6.1 1.00
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(‘adult’ and ‘child’) in order to increase the generalizability
of the study’s findings. The DCE methodology appears
particularly suited for reproducing decision making
in tensed situations (i.e., need for out-of-hours care)
where patients need to simultaneously consider multiple
alternatives and their performance levels.

4.2. Part-worth estimation and attribute importances

This research builds on earlier studies and intends to
represent a more complete range of attribute bundles. The
satisfactory explanation about the treatment by the doc-
tors proved to be the most important attribute, followed
by ‘waiting time’, ‘availability of technical equipment’ and
‘accessibility’ of the service. The least important and only
insignificant attribute is the payment terms, suggesting
that an immediate payment, which is required at GPC, PD
and HV, is not perceived as especially negative. It is not
entirely unexpected, since in the local out-of-hours health
care system only the payment terms differ, but the amount
to be paid remains equal for all services.

The quality of the doctors’ advice accounts for more
than one third (‘adult’: 35.8%; ‘child’: 38.5%) of the deci-
sion. The high importance of the attribute ‘explanation’
is in line with results from healthcare industry as well as
the services marketing field: competence, listening, com-
munication and understanding of the individuals by the
doctor/frontline personnel have been identified as highly
important for the quality of the service [10,20].  Researchers
have often used questionnaires that directly ask patients
about attributes’ importance and satisfaction with models
of primary care ([5]; see [12] for a review of various meth-
ods). In spite of an overall consistency with our findings,
the lack of traditionally functioning markets favors indirect
methods to elicit preferences such as choice-questions in
DCE [18]. The approach allows estimating shares of yet less
known services which is particularly advantageous in our
study.

4.3. Market simulation

Previously, researchers identified the need for predict-
ing the demand for new services as it is highly relevant for
capacity planning, maximization of adoption rates and cost
assessment of the alternatives [7,17,26]. The prediction of
demand demonstrated a high choice share for the GPC ser-
vice (‘adult’: 39.1%; ‘child’: 31.3%) making it the preferred
service offer. The ER is the second most chosen option,
followed by the PD in the ‘child’ scenario and the HV as the
least chosen. The shift in services’ use suggests better use
of resources as ER is regarded as the least efficient option
in delivering primary care [27]. The higher than expected
market share of the GPC might partly be explained by an
overestimation of the GPC service by the experts. It simi-
larly occurs in new product development in other industry
sectors; we limited this effect by using experts with dif-

ferent medical professions. The sensitivity analysis reveals
that the adoption of the new GPC service would particu-
larly benefit from improvements in GP’s explanation and
accessibility. This is an interesting finding because the
 106 (2012) 284– 290 289

initial shift toward the GPC is less promising than expected
[28] but may  be accelerated through such improvements.

At present, there is strong dominance of the ER and
the PD in the healthcare industry [7,9]. Our research illus-
trates that in the future the new GPC service might be
preferred to ER and PD. It is in line with the suggestion
that stronger experience in a medical service is positively
related to its usage [6].  Consequently, we  can predict a
major shift toward the GPC once the service is actually
known and used. In order to enhance ‘user’ adoption,
strategies are required to increase awareness and to com-
municate advantages, intended use and accessibility of the
GPC service.

4.4. Limitations and future research

In our sample, three quarters of the respondents were
women, waiting at the Free New born and Child health
care services. Although the share is similar to earlier stud-
ies in healthcare [10], future investigations might examine
the effect of gender on this particular service. As indicated
above, patients’ characteristics such as service familiarity,
age, gender and foreign origin do not substantially affect
the utilities. However, a future research approach may
investigate the relationship between patients’ character-
istics and preference heterogeneity more in detail which
was not the focus of our study.

Moreover, we  carefully selected and validated the ser-
vice attributes. However, DCE only allows integrating a
limited set of attributes to keep the judgment manageable
for respondents. Additional service attributes or psycho-
logical cues may  also play a role in service choice and might
be subject to future studies.

4.5. Managerial implications

From a managerial perspective, our findings are impor-
tant because they offer the possibility to prioritize and
quantify the decision criteria in a health care system. They
demonstrate how a negative performance in one charac-
teristic might be substituted by another which is useful
for future services’ reconfiguration. Another value of this
study lies in the prediction of the choice of alternatives for
health systems with a free choice option. A market simula-
tion and the related sensitivity analysis enable healthcare
providers, who are increasingly made accountable for the
expenditures, to conduct a more accurate and reliable ser-
vice capacity planning. Future research could combine DCE
results with the cost of different attribute bundles in order
to find optimal cost-effectiveness [3,21],  which was  beyond
the scope of this study.

5. Conclusions

In conclusion, this paper demonstrates a rigorous way
to estimate patients’ preference pattern and to predict their
service adoption behavior. It provides a more powerful

approach than the pure analysis of single decision criteria
in order to design complex new medical services. Evidently,
the design of the newly established GPC matches patients’
preferences for healthcare services, and the GPC can be a
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ppendix A. Scenarios

.1. “Adult” scenario

You have a visit on a Saturday night from a friend or rel-
tive who will stay the night at your home. During the night,
he visitor wakes up and feels unwell. So you decide to look
or medical assistance.

.2. “Child” scenario

It is Sunday morning. Your three-year-old child has a fever.
ou gave him already a medicine to lower the fever. It helped
ut the fever is coming back. So you decide to look for medical
ssistance.
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