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Active Labour Market Policy by
a Profit-Maximizing Firm
Ruud Gerards, Joan Muysken and
Riccardo Welters

Abstract

This article investigates the effectiveness of an employment programme exclu-
sively run by a private sector firm in order to find out whether such a programme
can be beneficial to both the participating individuals and the private firm. To
answer these questions, we use a unique dataset on a private employment
programme covering 23 years of operations and data on 1,000 participating
unemployed individuals. Using conservative estimates, we show that a private
employment programme is more effective in reintegrating the unemployed than
public efforts, while providing tangible benefits to the firm.

1. Introduction

It is well documented that subsidized private sector employment programmes
(SPSEPs), in which the government pays firms to provide experience to
unemployed workers, seem to perform relatively well in bringing the unem-
ployed back to work.1 This article investigates the effectiveness of a pure
private employment programme to find out whether such a programme can
also be beneficial for both unemployed workers and firms. We explore this
question by analysing the effectiveness of a large Dutch firm’s employment
programme, based on a unique dataset covering a period of 23 years and data
on 1,000 participating persons. We find that this pure private programme
performs markedly better than public programmes.

One of the private components that give SPSEPs an advantage over other
forms of active labour market policy (ALMP) is that SPSEPs more closely
resemble a regular work environment, and hence facilitate the build-up of
relevant human capital (Sianesi 2008). Other advantages of private involve-
ment are that participation in an SPSEP works as a positive signal towards
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future employers (Gerfin et al. 2005), and that similarly it is a very direct way
of demonstrating one’s abilities to employers (Graversen 2004). Although
these benefits can be ascribed to private sector involvement, these pro-
grammes are still initiated, designed, administrated and evaluated by the
public sector. Several aspects of this programme set-up create scope for
cream-skimming. First, since these programmes are mostly evaluated based
on their post-programme effects, caseworkers have an incentive to select the
most employable — who are not always those who stand to benefit most from
it (Aakvik et al. 2005). Second, Martin and Swank (2004) show that persuad-
ing firms to participate in AMLP entails more than just a wage subsidy, and
somewhat related, Martin and Grubb (2001) present results that suggest that
firms’ participation in these programmes is positively linked to the quality of
participants they can expect. Thus, even if caseworkers were able to identify
flawlessly those who would benefit most from participation, they would need
to think twice before actually selecting them, as these participants might not
satisfy the firm’s expected quality.

In case of a pure private programme, there is obviously no need to per-
suade the firm to participate since it is its own program. Hence, the delicate
balancing act is no longer required. A pure private programme would still
enjoy the advantages already mentioned. In addition, it may be attractive for
a firm to run a private ALMP for reasons we will investigate.

The remainder of this article is structured as follows. We elaborate on the
programme we study in Section 2. In Section 3, we analyse the outflow data
of the programme, and in Section 4 we discuss the performance of the
programme. In Section 5, we present a number of benefits for the firm when
running a pure private labour market programme. Section 6 concludes.

2. A private initiative: the Philips Employment Scheme (WGP)

The unemployment rate in the Netherlands rose dramatically in the early
1980s, peaking at a record high of 10.2 per cent in 1983 (CPB 2009). Among
the unemployed were a large number of youngsters, below age 23. This
development induced the government and unions to agree on a package of
reforms called the Wassenaar Agreement in 1982. An important element of
this agreement was an economy-wide reduction in working hours to split the
same amount of work into more jobs. However, Philips Electronics, the
Dutch multinational known for, among others, its household appliances and
lighting products, preferred a different approach to combat unemployment
and make its contribution in these times of need. Since it was one of the
largest employers in the Netherlands, it was able to implement its own course
of action. Instead of reducing working hours, Philips created the ‘Youth
Work Plan’ (YWP). The YWP offered unemployed youngsters one year of
work and training with Philips, and had 639 participants by the end of 1983,
its inaugural year (van der Bruggen and van Schagen 2001). The YWP ran
successfully until 1986, at which time the number of unemployed youth had
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declined substantially. According to van der Bruggen and van Schagen
(2001), the apparent success of the YWP led unions to embrace it, which in
turn led Philips and the unions to incorporate the YWP into the centralized
wage agreement. This meant that part of Philips’ wage budget was allocated
to the programme. At the same time, the scope of the programme was
expanded to include other groups of unemployed; the YWP morphed into the
Philips Employment Scheme (WGP). To avoid confusion with the commonly
used abbreviation PES for public employment services, we will abbreviate
Philips Employment Scheme to ‘WGP’ in this article (based on ‘Werkgele-
genheidsplan’, the Dutch name of the programme). The basic set-up,
however, remained largely unchanged and still entailed one year of full-time
employment and training at Philips. Participants receive the legal minimum
wage, and the training component’s objective is to obtain a vocational
qualification, and therefore includes a substantial theoretical component.
However, the WGP goes beyond vocational education. It comprises a con-
siderable amount of on-the-job training, and also job counselling services are
provided, including job interview training and personal development train-
ing. The WGP, therefore, can be considered an ALMP comparable to the
SPSEPs mentioned in the introduction.

By design, employment in the WGP is not conflicting with existing
(regular) employment at Philips. If there was no WGP, the tasks performed
by WGP participants would simply not be performed. Moreover, strict
monitoring by independent auditors ensures that the target group of
disadvantaged unemployed is indeed reached. Each year, the human resource
management (HRM) department of Philips allocates WGP jobs over the
various Philips establishments. The main consideration for this allocation is
the future job prospects of participants. Since Philips has plants and offices
operating in various industrial sectors and regions throughout the Nether-
lands, the future job prospects differ per region, and subsequently the choice
as to which outlets are assigned to open WGP jobs matters (Welters 2005).
Due to this regional and sectoral variation, this allocation process turns out
to be an interactive process between the central HRM department and local
HRM staff. Philips aims a yearly WGP inflow of 1 per cent of the total
employment in the company.

Figure 1 shows the number of participants entering the WGP compared
with Philips’ total employment and unemployment. On average, Philips
attains the 1 per cent target, but the inflow varies substantially over time,
which several WGP managers attribute to the difficulty to attract suitable
candidates during economic upswings. The figure corroborates this finding
since the periods in which the 1 per cent target is not attained feature low
unemployment.

The data used to construct the figures in this section originate from WGP
annual reports from 1987 to 2009. Table 1 presents summary statistics of the
most important variables in this dataset. The most striking feature of the data
is the job finding rate of almost 70 per cent measured one year after WGP
exit. Judging by this gross measure of effectiveness, the WGP seems to
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perform admirably, but ultimately we need to assess its net effectiveness. This
necessitates a more subtle and in-depth analysis of the performance of the
WGP. This performance crucially depends on three stages: selection of the
participants, treatment and outflow counselling. In the subsequent section,
we elaborate on the design of each of these stages.

Selection

Four selection criteria apply to be eligible to participate in the WGP. First, a
candidate must be formally registered as unemployed.2 The WGP then explic-
itly targets those unemployed with the largest distance to the labour market,
which is the second criterion: that is, long-term unemployed, early school-
leavers, unemployed from ethnic minorities, refugees, persons with disability
and higher-educated persons with weak ties to the labour market. Third, a
candidate should have the potential to successfully complete the practical and
theoretical training component that is part of the WGP treatment. Philips

FIGURE 1
WGP Inflow.

Based on data from the WGP annual reports.

TABLE 1
Summary of Annual Data

Variable (N = 23 years) Years Mean Min Max

Total employment Philips NL 1987–2010 36,202 14,217 70,942
Total inflow 1987–2009 427 143 768
% males in inflow 1988–2009 57.1 38 76
Average age of inflow 1988–2009 31.2 23.5 35.8
Job finding rate 6 weeks after WGP exit 1987–2009 60.9 40 79
Job finding rate 1 year after WGP exit 1995–2009 69.2 50 84
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co-operates with public and private sector intermediaries (both paid by gov-
ernment agencies) to find candidates who match these three criteria. It is
anticipated that a candidate should possess a certain level of willingness to
participate, and this constitutes the fourth criterion, which is tested at the
relevant Philips outlet. In principle, all four criteria have to be satisfied.

We compare the characteristics of the inflow into the WGP with the
characteristics of the total population of the unemployed in Figures 2 and 3.
For Figure 2, we use information from a dataset on about 8,900 WGP
participants — see the Appendix for details. The only available information
is age, education, gender, and start year and duration of WGP treatment. For
Figure 3, we use a different dataset on about 1,000 individuals, described in
more detail in Section 2.2 and in the Appendix.

Compared with the total population of unemployed, Figure 2 shows that
low-educated unemployed are over-represented in the WGP, and Figure 3
shows that long-term unemployed are generally over-represented in the
WGP. This exemplifies that the inflow of the WGP does not represent the —
a priori — most employable unemployed available.

Additionally, Table 2 provides further evidence of the (un)employability of
participants. Until several years ago, the public employment services assigned
the unemployed to degrees of employability, where degree one indicated an
easily employable person, and degree four a hardly employable person.
Table 2 is based on the only available sample of our data that contains this
labelling. The participants in this sample have been positioned throughout
different Philips outlets between August 2002 and April 2003. Therefore, this
sample implicitly includes the efforts of various intermediaries and various
Philips floor managers and WGP co-ordinators. Over 90 per cent of the
participants in this sample are considered to be ‘legitimate’ programme

FIGURE 2
Education Level of WGP Inflow Compared with Total Population of Unemployed.

Unemployment data from Statistics Netherlands Labour Force Research (EBB).
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participants (degrees, 2, 3 and 4), and almost 70 per cent of the participants
in this sample are considered tough or virtually impossible to reintegrate as
they belong to degrees three and four. Less than 9 per cent of the participants
are from the most employable segment of unemployed.

A final observation is that the participants of the WGP are relatively young
and male when compared with the average unemployed. As we will elaborate
in Section 4, this is in favour of their employability.

Treatment and Outflow Counselling

The treatment in the WGP consists of one year of work experience combined
with formal training that leads to a vocational qualification. Since the end

FIGURE 3
Unemployment Duration of WGP Inflow Compared to Total Population of Unemployed.

Unemployment data from Statistics Netherlands Labour Force Research (EBB).

TABLE 2
Employability of WGP Inflow: A Sample of August 2002–April 2003

Degree Definition In WGP sample % Cum.

4 Unemployable 10 10.9 10.9
3 Unemployed with such a distance to the labour

market that job finding chances have been
reduced significantly

53 57.6 68.5

2 Unemployed who are less easily employable but are
able to find a job within a year with support of
schooling or subsidy

21 22.8 91.3

1 Unemployed who are easily employable and can
find a job without financial support within a
reasonable time span

8 8.7 100

Total 92 100
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of the 1990s, half of the WGP participants start with a five-month pre-
programme because their initial qualifications are too low to enter the WGP
directly. They would not be able to attain the vocational qualification within
the standard WGP time frame of one year. After this pre-programme, they
enter the WGP proper (van der Bruggen 2004). Many participants are also
not able to complete the entire WGP treatment in one year and are offered a
6- or 12-month extension. These developments exemplify the large distance
to the labour market of many candidates.

The type of training that a participant receives depends on the nature of the
particular WGP job. Many of the WGP participants still complete the Vapro
degree, which is a widely recognized qualification in the Dutch process indus-
try. However, due to changes in the labour market and in the qualifications
of participants, there has been an increase in the number of participants
who complete a degree in other fields, such as administrative, secretarial,
and information and communications technology skills. The knowledge and
skills acquired during the training are brought into practice on the job.
Throughout the entire WGP period, the participant receives regular super-
vision, counselling and guidance primarily from within Philips, and occasion-
ally also from the intermediary.

Outflow counselling starts three to six months before the end of the WGP
period and is provided by the intermediary that proposed the participant for
the programme. Specific counselling activities vary but generally include
individual job interview training and personal development training. After
exiting the WGP, all participants are contacted twice to answer a number of
questions about their participation and their current situation. First, six
weeks after exiting, the participants are sent a large paper questionnaire,
which is completed by, on average, 59 per cent.

One question, asked in this questionnaire, is whether the former WGP
participant is currently employed. Since 1995, this question is asked again
one year after exiting the WGP, and this time, participants who do not
respond to the question in writing are also contacted by telephone. This extra
effort helps bring the total response to this question to, on average, 88
per cent. The answers have been aggregated by Philips and were used in the
annual reports about the WGP. Figure 4 shows the aggregate job finding rate
over the history of the WGP. On average, 60 per cent of the respondents
report to be employed when asked six weeks after exiting the WGP, whereas
this increases to 70 per cent after one year. On average, 15 per cent of the
respondents were employed by Philips at completion of the WGP period,
while this figure has varied from 11 per cent to 34 per cent. When asked
about their general opinion on their WGP period, on average, 70 per cent of
the respondents answer ‘satisfied’ or ‘very satisfied’ (on a 5-point scale).

3. The gross effect of the WGP

In Section 2, we found that, on average, 70 per cent of participants hold a job
when interviewed one year after leaving the WGP. In this section, we take a
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closer look at the WGP to investigate what factors influence its job finding
rate and the quality of its participants.

Who Get a Job after the WGP?

To analyse the determinants of the job finding rate of the WGP partici-
pants, we use both aggregate annual data (see Table 1 for a description)
and individual questionnaire data. Although the questionnaires have been
in use since 1987, and their results are still available in aggregate form, the
participants’ individual answer sheets are only available for the period
1999–2007 (see the Appendix for more information.). Table 3 presents the
results of the two models that shed light on job finding chances after the
WGP. The aggregate model uses the job finding rate (six weeks after pro-
gramme exit, as shown in Figure 4) as dependent variable, and the indi-
vidual model uses a job finding dummy. Both models show a positive
relation between the job finding rate/dummy and unemployment at time of
inflow, and a negative relation with unemployment at time of outflow. This
second relation suggests that higher unemployment at time of outflow
means a lower chance of finding a job. This seems logical as more job
seekers compete for the same number of jobs. The first relation indicates
that participants who enter the WGP when unemployment is high have a

FIGURE 4
Aggregate Job Success of WGP.

Based on annual data from the WGP yearly reports and on unemployment data from
Statistics Netherlands.
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higher chance of finding a job after their treatment than participants who
enter the programme in a low-unemployment period. This is consistent
with the findings from, for instance, Kluve (2010), and Lechner and
Wunsch (2009). Lechner and Wunsch (2009) show that ‘all else equal’,
higher unemployment at time of inflow into (training) programmes corre-
lates positively with the programmes’ effects.3 However, even though our
individual model corrects for some participant characteristics, we suspect
that the positive relation between unemployment at time of inflow and the
programme success is also driven by unobserved participant characteristics,
which are more favourable when the pool of unemployed is large. Evidence
of this is given in the discussion of Table 5.

With regard to educational background, the aggregate model shows that a
higher-average educational attainment corresponds with a higher-average

TABLE 3
Explaining Participants’ Job Finding Chances

Data used Yearly aggregates Individual
Period 1988–2007 1999–2007
Regression OLS Probit
Dependent variable Job finding rate Job finding dummy

Unemployment at time of inflow 6.16*** (1.77) 0.30*** (0.09)
Unemployment at time of outflow -8.52*** (1.75) -0.50*** (0.09)
Age -0.03*** (0.01)
Gender 0.06 (0.08)
Prior education:
Average educational attainmenta 0.10*** (0.02)

Primary school Reference
Low-level vocational/secondary -0.01 (0.17)
Middle-level vocational/secondary -0.03 (0.16)
High-level vocational 0.06 (0.18)
University 0.28 (0.20)

Unemployment status -0.44*** (0.15)
Unemployment duration:

0–6 months Reference
6–12 months 0.05 (0.12)
12–24 months -0.13 (0.13)
24–48 months 0.19 (0.15)
48+ months -0.05 (0.16)

If unemployed, what age:
Age 16–30 Reference
Age 31–40 0.37** (0.14)
Age 41–50 0.33 (0.22)
Age 51+ 0.26 (0.31)

Constant -0.28 (0.18) 1.70*** (0.40)
N 22 years 996
R2 0.75
Durbin–Watson D-statistic 2.21
Correctly classified by probit model 61.35%

Standard errors in parentheses.
a Average number of years of schooling.
*** Significant at 1%; ** Significant at 5%; * Significant at 10%.
OLS, ordinary least squares.
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job finding rate, whereas the individual model that distinguishes between
education levels shows no significant effect. The variable ‘unemployment
status’ is a dummy variable that distinguishes participants who entered the
WGP without having been formerly registered as unemployed (dummy = 0,
remember from Section 2.1 that these consist of women re-entering the
labour force, early school-leavers and disabled) from those who had a regis-
tered unemployment history (dummy = 1). We observe that participants
without a registered unemployment history have a higher chance of finding a
job after the WGP. A possible explanation for this could be that these
participants are more intrinsically motivated to get back to work (in the case
of women re-entering the labour force because they make the deliberate
choice to re-enter the labour force), and that they have not suffered from a
discouraged worker effect.

Age and gender have no significant impact on the aggregate model or its
robustness and were left out. However, the individual model shows that an
increase in age has a negative effect on the chances of finding a job. Inter-
acting age groups with the ‘unemployment status dummy’ shows that par-
ticipants between age 31 and 40 have a higher chance of finding a job after the
WGP than the reference group of 16- to 30-year-olds. Both the duration of
unemployment and gender are not significant in the individual model. This
suggests that the WGP is quite successful, given the intrinsic qualities of the
candidates.4

A Closer Look at the Inflow of the WGP

To further investigate if higher unemployment leads to better qualified par-
ticipants, we zoom in on the (dynamics of the) inflow quality in the WGP.
In Table 4, we present the ordinary least square estimates of the effect of
‘unemployment at time of inflow’, gender and age on the quality of par-
ticipants.5 The quality of participants is measured as the ratio of the par-
ticipant’s years of schooling to the labour force average years of schooling
in the year of inflow. We constructed this ratio to correct for possible bias
that might arise due to the rising trend in the labour force’s overall edu-
cation level. The first result we observe is that the higher the unemployment
rate at time of inflow, the higher the educational attainment of participants
entering the WGP. Whether this results from self-selection or selection by
intermediaries/Philips cannot be answered with certainty. Albeit neither
gratifying nor original to argue, it is most likely a combination of both. We
also find that relative to participants from the age group of 16–30 years,
participants from older age groups have a lower educational attainment
relative to the labour force average. This is not surprising since recent gen-
erations stay in education longer, and hence the average educational attain-
ment of the labour force has risen steadily during the last decades. Finally,
we observe that female WGP participants appear to have a lower educa-
tional attainment.
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By analysing the time participants spent in the WGP, we can provide an
alternative analysis that more clearly shows the business cycle effect on the
quality of inflow. As presented in the Appendix, our ‘8,900 dataset’ contains
a variable measuring the time spent in the WGP. This is measured as duration
in months. A ‘bread-and-butter’ WGP treatment takes 12 months. Thus,
when a person takes more than 12 months to complete, he or she apparently
needs more time to be deemed ready for outflow and is likely to have been
relatively less qualified at time of inflow (in Section 2.2, we already mentioned
that less qualified participants are regularly offered a 6- or 12-month exten-
sion). Based on this assumption, we construct a dummy variable equal to ‘0’
when participants spent at most 12 months in the WGP, and equal to ‘1’ for
participants who spent more than 12 months in the WGP (since an extension
lasts a fixed 6 or 12 months, there is hardly any variation in the duration, so
we used a dummy variable instead of actual duration in months). We tested
the sensitivity of this dummy to the business cycle and the characteristics of
the inflow with a probit model. Table 5 contains the results.

We observe that women are less likely to spend more than 12 months in the
WGP and that the middle-aged participants are more likely to stay longer in
the WGP than the youngest participants. Furthermore, both high-level voca-
tional and university-educated participants are less prone to spend more than
12 months in the WGP. The business cycle effect manifests itself as the
negative relation between unemployment at time of inflow and the duration
dummy. When the labour market is tight and unemployment is low at time of
inflow, participants have a higher chance of spending more than 12 months
in the WGP and are likely to be less qualified. Thus, participants are ‘locked-
in’ the WGP longer when unemployment was low at time of inflow. However,

TABLE 4
Effect of Labour Market Conditions on Participants’ Quality,

1987–2006

Educational attainmenta

Unemployment at time of inflow 0.04 (0.00)***
Gender:

Male Reference
Female -0.04 (0.01)***

Age groups:
16–30 years Reference
31–40 years -0.02 (0.01)**
41–50 years -0.04 (0.01)***
>50 years -0.06 (0.03)**

Constant 0.74 (0.02)***
R2 0.06
N 6611

Standard errors in parentheses.
a Participant’s years of schooling to labour force average years
of schooling ratio.
*** Significant at 1%; ** Significant at 5%; * Significant at
10%.
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our explanation (a person needs more time in the WGP to be qualified
enough to successfully exit the WGP) differs from the usual explanation that
‘locking-in’ occurs due to reduced job search efforts on behalf of the partici-
pant. Thus, even though we correct for several significant participant char-
acteristics, we still find that the unemployment rate at time of inflow matters
for the duration spent in the WGP. This supports our impression from
Table 3 that unobserved participant characteristics vary with the size of the
pool of unemployed.

4. Performance of the WGP

We now turn to assessing the performance of the WGP. To assess the per-
formance, we need to conduct a counterfactual analysis, that is, what would
have happened — in terms of labour market outcome — to participants if
they had not joined the WGP? To conduct such a counterfactual analysis, we
apply the nearest neighbour matching technique — see Dehejia and Wahba
(2002) for its theoretical validity.

We use data from the labour supply panel, which are collected biannually
by the Netherlands Institute for Social Research since 1985. The labour
supply panel is a representative sample of the Dutch labour force — see

TABLE 5
Effect of Business Cycle and Inflow Characteristics on Time

Spent in WGP, 1987–2006

Duration dummy

Unemployment at time of inflow -0.20 (0.02)***
Gender:

Male Reference
Female -0.40 (0.05)***

Age groups:
Age 16–30 Reference
Age 31–40 0.12 (0.05)**
Age 41–50 0.27 (0.07)***
Age 51+ 0.23 (0.15)

Prior education:
Primary school Reference
Low-level vocational 0.08 (0.07)
Low-level secondary -0.10 (0.08)
Middle-level vocational -0.05 (0.07)
Middle-level secondary -0.16 (0.11)
Top-level secondary -0.17 (0.16)
High-level vocational -0.37 (0.10)***
University -0.46 (0.12)***

Constant 0.03 (0.11)
Correctly specified by probit model 91.45%
N 6611

Standard errors in parentheses.
*** Significant at 1%; ** Significant at 5%; * Significant at
10%.
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Fouarge et al. (2006). Since it is rotating, we can track respondents and trace
changes in their labour market position. Information on gender, age, resi-
dence, unemployment duration and educational attainment is readily avail-
able. Moreover, this information is consistently available for the period for
which we have information on WGP participants. We, therefore, decide to
exploit this data to conduct the matching estimator analysis.

First, we need to establish the length of the period between the start of
the WGP programme and the time at which the WGP participant is inter-
viewed about his or her job finding success. We find that the mean treat-
ment period for WGP participants is 12.6 months. The small standard error
(0.19 months) indicates that variation in programme participation length
is rather small. Consequently, we assume that every WGP participant
will stay in the programme for 12.6 months. Since Philips interviews pro-
gramme participants six weeks (equivalent to 1.4 months) after concluding
the programme, the average time between starting programme participation
and the job finding interview is 14 months. Therefore, to ensure accurate
matching, we simulate this time window for our control group, that is,
respondents from the labour supply panel exploiting retrospective informa-
tion in the questionnaire. We conduct this procedure for the labour supply
panels for the years 1994, 1996, 1998, 2000, 2002, 2004, 2006 and 2008
(using 2008 to establish transition rates only, discarding any panels prior to
1994) to collect a group of unemployed who can serve as a control group
in our analysis. We ensure that the respondents from the labour supply
panel can only enter once in our control group (we select the first entry and
discard any subsequent entries).

We end up with a group of 384 unemployed who constitute our control
group, while we have 780 WGP participants, who have been exposed to the
treatment. Table 6 gives descriptive statistics of the variables we will use in
our matching estimator. We note that WGP participants experience slightly
longer uncompleted spells of unemployment, have slightly higher educational
attainments, are concentrated in southern Netherlands, and are more likely
male and younger. Finally, we note that the average job finding rate of WGP
participants is higher.

To perform this matching estimator, we need to impose the number of
matches (in the control group) for each treated respondent. This choice is
a trade-off between the similarity of respondents in the control group to
the treated respondents and robustness of the comparison. That is, a high
number of required matches ensures robustness of the comparison, but we
may start including control group respondents who are not that similar any
more to the treated respondents as the nearest neighbours. We follow Abadie
and Imbens (2002), and set the number of matches equal to four. Since the
sample size of the treatment group is larger than the sample size of the control
group, we also tried lower levels of required matches. Lower levels of
required matches do not change our results in a significant manner. Finally,
since we are testing the success of an existing programme, we present the
sample average treatment effect.
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Table 7 contains the results, in which we progressively add matching vari-
ables. We start with the vacancy rate (to control for business cycle differences
overtime) and year dummies (to control for potential institutional changes
throughout the time window). Adding more matching variables to the match-
ing procedure gives some expected effects:

• Programme participants are more often male, which in those years made
them more employable, ceteris paribus, lowering the treatment effect.

• Programme participants are younger, which made them more employable,
ceteris paribus, lowering the treatment effect.

TABLE 6
Descriptive Statistics of Matching Variables (Mean Values)

Matching variables WGP participants Non-WGP participants

Unemployment duration:
6 months or less 0.26 0.33
6 months–1 year 0.26 0.19
1 year–2 years 0.21 0.20
More than 2 years 0.26 0.28

Educational attainment:
Primary school 0.08 0.11
Lower vocational 0.28 0.40
Middle vocational 0.37 0.28
Higher vocational 0.17 0.14
University 0.10 0.08

Spatial identifier:
Northern Netherlands 0.22 0.16
Eastern Netherlands 0.16 0.22
Western Netherlands 0.01 0.36
Southern Netherlands 0.62 0.26

Gender:
Male 0.55 0.41
Female 0.45 0.59

Age:
Average 36.5 39.7

Job finding rate:
After 14 months 0.55 0.39

TABLE 7
Measuring WGP Treatment Effect Using Nearest Neighbour Matching Technique

Matching variables Sample average treatment effect

(1) Vacancy rate and year 0.30*** (0.040)
(2): (1) + unemployment duration 0.29*** (0.041)
(3): (2) + educational attainment 0.31*** (0.037)
(4): (3) + regional identifier 0.29*** (0.038)
(5): (4) + gender 0.23*** (0.040)
(6): (5) + age 0.18*** (0.041)
Sample size (WGP participants) 1,164 (780)

Standard errors in parentheses.
*** Significant at 1%; ** Significant at 5%; * Significant at 10%.
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Once we include the complete set of control variables, we note a statistically
significant positive average treatment effect of 0.18. Since our outcome vari-
able is (0) unsuccessful in finding employment and (1) successful in finding
employment, the coefficient is the percentage point difference to find employ-
ment between participation and non-participation in the WGP programme.
Consequently, we find that the WGP lifts the job finding rate of participants
by 18 percentage points.

The above analysis refers to the persons in the control group who may have
benefited from public treatment programmes other than (public) employ-
ment, such as job search assistance, job counselling and training. Groot et al.
(2008) show that if public reintegration treatment for unemployed persons is
started in the first year, the job finding probability within 1.5 years increases
by 0.9 percentage points. This implies that our finding of an increased prob-
ability of finding a job of 18 percentage points due to participation in the
WGP is not seriously affected by the composition of the control group with
respect to participation in a reintegration programme. It also implies that the
impact of the WGP is much larger than the impact of participating in a public
reintegration programme — see also the discussion in the Introduction.

5. What are the benefits to the firm?

There are a number of possible benefits to the firm running a private employ-
ment programme. The first possible benefit to the firm is that the WGP might
serve as a fruitful recruitment channel. Table 8 provides some quantitative
evidence that supports this notion.

We constructed a subset of participants who found a job after their WGP
treatment, and added a dummy with value ‘1’ if this was a job with Philips,
or a value of ‘0’ for a job elsewhere. This allows us to identify which type of
participants Philips favours to offer a regular job. In terms of independent
variables, we use a similar structure as in Table 3.

We find that the unemployment rate at time of inflow negatively correlates
with employment prospects at Philips. To understand this finding, we need to
go back to Figure 4, which among others depicts the share of participants
who find a job at Philips over time. We note that this share is fairly stable
(especially for the 1999–2007 period, which is the relevant time window for
the regression above), while the share of participants who find employment
elsewhere fluctuates heavily. We, therefore, assume that Philips has a policy
of recruiting a stable share of WGP participants. We know from Tables 4 and
5 that if unemployment at time of inflow is high, participants have higher
educational levels and experience lower unemployment duration. Conse-
quently, they should have better job prospects regardless of programme
participation. Therefore, the share of participants who find a job elsewhere
(i.e. not with Philips) will increase when the unemployment rate at time of
inflow increases. This, in turn, implies that the share of participants who find
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a job with Philips in total participants who find a job decreases when the
unemployment rate at time of inflow increases.

Further, we note that Philips is less likely to employ participants whose
highest level of education is primary school. Other variables, including age,
gender and unemployment duration, do not play a major role in the firm’s
decision to recruit participants subsequent to programme completion. Con-
sequently, Philips uses educational attainment to select participants for post-
programme employment, whereas age, gender and unemployment duration
play only minor roles. Obviously, since Philips is able to monitor participants
for a year, it may use other indicators (such as motivation) that remain
unobserved in our analysis.

Another benefit is that running a private programme for unemployed fits
perfectly in today’s era of corporate social responsibility, and as such brings
the firm some positive externalities. This proposition was featured, among
others, in a questionnaire we sent to 69 human resource managers of Philips
in Netherlands. We asked to what extent corporate social responsibility, the
added recruitment channel and improved union relations are perceived as
reasons why Philips runs the WGP. The results are summarized in Table 9,
which shows that the distribution for all three reasons is left-skewed.

TABLE 8
Who Stay with Philips? 1999–2007

Job with Philips

National level:
Unemployment at time of outflow 0.02 (0.14)
Unemployment at time of inflow -0.26* (0.14)
Age -0.02 (0.01)
Gender -0.04 (0.12)

Prior Education:
Primary school Reference
Low-level vocational/secondary 0.56* (0.29)
Middle-level vocational/secondary 0.50* (0.28)
High-level vocational 0.19 (0.31)
University 0.80*** (0.31)

Unemployment status -0.19 (0.20)
Unemployment duration (if unemployed):

0–6 months Reference
6–12 months 0.14 (0.18)
12–24 months -0.24 (0.22)
24–48 months -0.03 (0.22)
48+ months -0.07 (0.25)

Age group (if unemployed):
Age 16–30 Reference
Age 31–40 0.20 (0.22)
Age 41–50 0.26 (0.33)
Age 51+ 0.93** (0.47)

Constant 0.00 (0.59)
Sample size 552

Standard errors in parentheses.
*** Significant at 1%; ** Significant at 5%; * Significant at 10%.
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This suggests that the WGP benefits the firm in terms of showing corporate
social responsibility, improved unions relations and an added recruitment
channel, underscoring the finding from Table 8. Especially in the Nether-
lands, with its culture of centralized wage bargaining, the value of good union
relations is vital. A last benefit of this programme is that it is used to dampen
productivity losses through the so-called combi-project. This means that the
participant can temporarily replace a regular employee at times when the
latter is away for training. This also implies that the work experience that
the participant gets is as close to regular as can be.

6. Concluding remarks

The article explored whether a pure private employment programme is ben-
eficial to both unemployed workers and firms. To this end, we analysed the
effectiveness of a large Dutch firm’s employment programme: the Philips
Employment Scheme (WGP). We find an average treatment effect of 18
per cent, which means that the average programme participant has an 18 per-
centage point higher job finding probability than an unemployed person who
did not participate in the programme, but otherwise similar characteristics.
The private programme uses a carefully designed selection process, in which
the focus on the unemployed who need the treatment most is securely
anchored. Additionally, the treatment itself entails various private compo-
nents, of which the relative effectiveness has already been established in the
literature and confirmed by this article. The most important of these is that
the work experience gained during the treatment resembles a regular job as
closely as possible, which provides a direct way of signalling one’s capabilities
to future employers. Interesting from both a business and policymaker’s
perspective is that running a private employment programme also brings
benefits to the firm. Evidence presented in Section 5 shows that the pro-
gramme serves as a fruitful recruitment channel, contributes to the firm’s
image of corporate social responsibility, helps improve union relations

TABLE 9
Reasons Important to Run the WGP

Very unimportant
(%)

Unimportant
(%)

Neutral
(%)

Important
(%)

Very important
(%)

Corporate social
responsibility

0 0 3 27 70

Added
recruitment
channel

6 18 18 48 9

Improved union
relations

15 9 39 33 3

N = 33.
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and can dampen productivity losses that occur when regular staff receive
off-the-job training.

Final version accepted on 15 July 2012.
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Notes

1. See, for instance, Kluve (2010) and Card et al. (2009) for meta-studies confirming
this, or Jaenichen and Stephan (2009), Sianesi (2008), Graversen and Jensen
(2010), and Carling and Richardson (2004) for micro-econometric evaluation
studies confirming this.

2. An exception to this rule was made for three groups: women re-entering the labour
market, early school-leavers and the disabled.

3. One explanation they provide is that in times of high unemployment, non-
participants experience fewer job matches or worse matches than when unemploy-
ment is low, and this reflects negatively on their future prospects, whereas
programme participants enjoy a stable programme situation and do not incur
unfavourable matches.

4. We tested this model on several levels of geographical aggregation for
unemployment — that is, also looking at regional and municipal unemployment.
However, the results remain qualitatively the same.

5. Again, we also looked at various levels of geographical aggregation for unemploy-
ment, and again we found qualitatively the same results.
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Appendix: Data on Individuals in the WGP

In this article, we use three datasets. One dataset was based on yearly aggre-
gates as summarized in Table 1 and two datasets with individual data. We
describe the two latter datasets in this Appendix. The first dataset contains
data on 8,928 individual participants of the WGP. This dataset was originally
extracted from Philips’ administrative systems and is the most integral col-
lection of WGP participants available, containing 75 per cent of all WGP
participants ever. On the other hand, we obtained data on 1,038 former WGP
participants surveyed six weeks after the end of their WGP treatment in the
period 1997–2007. Both datasets are described briefly below.

‘8,900 Dataset’

This large sample size comes with a trade-off since the information we have
per participant is limited to a number of ‘bread-and-butter’ variables.
Table A1 summarizes the most important variables in this dataset. Looking
at the various statistics in the table, especially the means and standard devia-
tions, we can state that the WGP inflow is quite heterogeneous. Moreover,
although this was never recorded accurately enough to be used as a variable,
we know from working with the data and from qualitative sources that there
is also a large variation in ethnicity of participants. The level of prior edu-
cation was originally defined in eight categories specific to the Dutch educa-
tion system. Table A2 provides the number of WGP participants from each
educational background. For later analysis, we translated these categories
into ‘years of school’ as shown in the last column.

‘Questionnaire Dataset’

The most detailed information on individuals who have participated in the
WGP comes from the ‘questionnaire dataset’. This dataset stems from Philips

TABLE A1
Summary of Main Variables ‘8,900 Dataset’

Variable (N = 8928) N Mean Standard deviation Min Max

Start-year of WGP
treatment

8928 1983 2009

End-year of WGP
treatment

8712 1983 2009

Duration of WGP
treatment (months)

8712 10.0 4.5 0 24

Age 8928 28.5 8.2 16 60
Level of prior education

(years of school)
7150 10.3 2.9 6 16

N Male Female
Gender 8928 5187 3741
Residential address 8928
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databases in which the returned questionnaires are stored. It contains the
answers of 1,038 former WGP participants surveyed six weeks after the end
of their WGP treatment. We observe 1,038 participants since we could only
retrieve the individual questionnaires sent out in the years 2000–2007. This
includes persons who started their WGP treatment in 1997 and ended it in
1999. The average response to the questionnaire was 59 per cent. Table A3
summarizes the main variables.

The substantial variations in age, prior education and unemployment
duration confirm the heterogeneity of participants observed in Table A1. In
addition to the variables reported in the table, the ‘questionnaire dataset’
contains data on participant satisfaction with the WGP treatment, and
answers to questions that enquire about the intensity of supervision partici-
pants received from both Philips and the Labour Office.

In Gerards et al. (2010), we show that this can be considered a represen-
tative sample of the large ‘8,900 dataset’, as it displays very similar move-
ments in gender and age composition of participants. Due to differences in
how prior education was defined in both datasets, we could not construct a
reasonable comparison of this characteristic (even though we managed to
translate them both into ‘years of education’). In the ‘8,900 dataset’, prior
education was classified in eight levels, whereas the classification in the
‘questionnaire dataset’ contained only five levels. Especially, the lower edu-
cation levels were more compressed into aggregates in the ‘questionnaire
dataset’, leading to less accuracy there.

TABLE A2
Prior Education Level of WGP Participants

Prior education N % Years of school

LO (primary school) LO + LBO: Primary 1280 17.9 6
LBO (low-level vocational) 1581 22.1 9
MAVO (low-level

secondary)
MAVO – VWO: Secondary 1022 14.3 10

MBO (middle-level
vocational)

1302 18.2 10.5

HAVO (middle-level
secondary)

466 6.5 11

VWO (top-level secondary) 183 2.6 12
HBO (high-level

vocational)
HBO + WO: Tertiary 813 11.4 15

WO (university) 503 7.0 16

156 British Journal of Industrial Relations

© John Wiley & Sons Ltd/London School of Economics 2012.



T
A

B
L

E
A

3
Su

m
m

ar
y

of
M

ai
n

V
ar

ia
bl

es
‘Q

ue
st

io
nn

ai
re

D
at

as
et

’

V
ar

ia
bl

e
(N

=
10

38
)

N
M

ea
n

S
ta

nd
ar

d.
de

vi
at

io
n

M
in

M
ax

St
ar

t-
ye

ar
W

G
P

10
38

19
97

20
06

E
nd

-y
ea

r
W

G
P

10
38

19
99

20
07

A
ge

10
38

35
.2

9.
6

17
58

P
ri

or
ed

uc
at

io
n

(y
ea

rs
of

sc
ho

ol
)

10
12

11
.6

2.
8

6
16

N
n.

r.
<6

m
6–

12
m

12
–2

4
m

24
–4

8
m

>4
8

m
U

ne
m

pl
oy

m
en

t
be

fo
re

W
G

P
10

25
18

.2
%

21
.7

%
20

.6
%

17
.6

%
11

.7
%

10
.2

%
Y

es
Y

es
Y

es
N

o
N

o
N

P
hi

lip
s

E
ls

ew
he

re
T

em
p

St
ud

y
Jo

b
6

w
ee

ks
af

te
r

W
G

P
10

22
13

.6
%

20
.6

%
21

.8
%

3.
0%

41
.0

%
N

M
al

e
F

em
al

e
G

en
de

r
10

38
55

.6
%

44
.4

%
W

G
P

lo
ca

ti
on

/P
hi

lip
s

ou
tl

et
10

35

Private Sector Initiated Employment Programme 157

© John Wiley & Sons Ltd/London School of Economics 2012.


